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What is Leximancer?

O Created by the University of
Queensland, Dr Andrew Smith
(@ welcome and his team.

U Automated, machine-learning
driven qualitative data analysis.

(@ LEXIMANCER 4.5 & vuosmsssmmosonn

concepts and themes through an
iterative process of seeding word
definitions from frequencies and

Turn your text insight out. CO-OCCUITENCES.
Q Files: MS Word, pdf, html, csv,
User plain text.
Guide

Q Literature review, Annual reports,
Policy documents, Open ended
questions, Social media
monitoring, Interview transcripts
etc.
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Leximancer Interface

@ welcome Project Control

I3 Upload Project Settings | ¥ Download Project Settings

Build your model

Select G { Generate Gener;
> o,

| A Data
N [ \ . = Eyports
Q Text Processing [_Tg‘ Concept @“ Compound
Settings Seeds Concepts
@ Concept Seeds ]s Thesaurus ATd Concept Coding
Settings Settings Settings

4 Project Output
Settings

@ Project

Log
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Comparison of Leximancer with QSR NVivo

QSR NVIVO

LEXIMANCER

Strengths

Researcher-driven, at researcher's discretion which nodes fo identify for
data classification. This may be perceived as specific and efficient, in
identifying only those concepts. themes or keywords, which the study is
interested in exploring.

Code and analyse data to specific concepts. As above.

Suitable for interpretative approach, in studies where a specific
conceptual model is of interest to be investigated and the concepts/
consirucis are known.

Researcher assigns meaning io the data ai coding stage.

Akin to manual handling of data. A manual way of coding with the aide of
a computer program.

Content analysis, data linking and data display based on nodes (codes).
Various analyses and visual output produced (e.g. Word Frequency
Query, Coding Stripes Analysis, Mafrix Coding Query)

Linking function allowing access from nodes to the original data

Program-driven, automated analysis which may be perceived as more
objective.

Automatic identification of key words (concepts) and clusters (themes).

Seeding based on frequencies and co-occurrences of words (concepis)

Suitable for exploratory study as "themes" emerge via automated lexical
analysis.

Content analysis, data linking and data display based on emergent
themes and concepts.

Efficient for large volumes of data. Quick, automated analysis.
Researcher able to manually seed {define) concepts required for the
program to identify. Akin to setting up queries

Program develops Concept Map and Insight Dashboard with Prominence
Scores, to highlight key "themes” and "concepts" within them.

Linking function allowing access from the Concept Map to the original
data.

Wilk, V., Soutar, G. N., & Harrigan, P. (2019). Tackling social media data analysis: Comparing and contrasting QSR NVivo
and Leximancer. Qualitative Market Research: An International Journal. 22 (2), pp. 94-113.
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Comparison of Leximancer with QSR NVivo

QSR NVIVO

LEXIMANCER

Weaknesses

Subjective and researcher bias possible. Limited by researcher's
epistemological position.

Time consuming in identifying what the concepts could be, thus what the
nodes should be, and in the coding of data.

Questionable reliability. Due to the researcher's heavy involvement
through the whole process, it is arguable to what extent the results are
reliable.

Auto-Coding, should be used with caution. Albeit efficient, did not prove to
be effective at capturing the correct information required for the purposes
of this study, resulting in manual coding of data.

Lack of human insight during lexical analysis which is driven solely by the
program

Input data needs specific formatting and spelling checking prior fo input
into the program, which may be time consuming for large quantities of
data. The program will only recognise cormectly spelt words, and in the
right format.

Lexical analysis occurs in 2 sentence blocks, which may be adjusted up
or down. This is problematic in particular for data sourced online, where,
unlike any other written form, the form of online expression can be short
or leng winded.

Researcher assigns meaning after program-analysis (j.e. at Concept Map
configuration stage).

Senfiment lens is only suitable for at best compound concept (two
‘affective’ words) type analysis but it is not suitable for in-depth affective-
type analysis.

Unable to capture the online communication style (e.g. acronyms) or
implied tone of voice {e.g.), common to online written form

"Theme" names after the most prominent concept but do not necessarily
represent the essence of the other "concepts” within the theme.

L or unexplained concepts and r

Misleading terminology, i.e. “concepis” = keywords and “themes” =
concepts.

Somewhat awkward and pi - i ion of
the themes’ size, the number of clustering attempts and rotation of the
Concept Map.

Wilk, V., Soutar, G. N., & Harrigan, P. (2019). Tackling social media data analysis: Comparing and contrasting QSR NVivo
and Leximancer. Qualitative Market Research: An International Journal. 22 (2), pp. 94-113.
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What types of data can you

analyse in Leximancer?

« Journal articles

* Annual reports

* Policy documents

* Open ended questions’ answers
 Interview transcripts

» Social media posts and comments
* Big unstructured data

* Any text-based data
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What is Big Unstructured Data?

* Big data is characterised by:
— volume (the amount of data being
managed),
— velocity (the rate at which the data is
created),
— variety (the form of data); and
— veracity (the validity of the data) (white, 2016).

e Unstructured data is information that either does
not have a pre-defined data model or is not

organized in a pre-defined manner
(Balducci & Marinova, 2018).

*  Much of big unstructured data is generated via
digital touchpoints, such as user-generated
content (UGC) (Fiynn etal., 2015).




30/11/2021

AUSTRALIA [N >
-

Edith Cowan University c U
School of Business & Law

User-Generated Content (UGC) on Social Media is one of

many sources of Big Unstructured Data

Jumby + @TheAlmightyL - Apr 29
Went with my cousin and little brother to the Nike outlet to get some new
drip. Pretty proud of them. These are ONLY for wearing out and meet ups.

The Jacaranda Trees are in full bloom all over Mexico City. iredd.it/feyojt.. 2 Images Don't wanna get them dirty. | really like em &
r/travel - Posted by u/JovaniDemet

r/travel - Posted by u/stellarell 5 hou

Neist Point, Scotland at sunset. Felt like the end of the Earth iredd.t/g7do2r.. ¢z Images @

'y W 18 Comments © Give Award # Share J} Save @ Hide M Report

hours ago

'y W 11Comments ) Give Award # Share [} Save @ Hide M Report

@ Images

Canals, bikes, lights, and slanted buildings. Amsterdam at dusk is spectacular i.redd.it/betcfm... &
t/travel - Posted by u/bengcord3 17 hou

'y W 27Comments ) Give Award A Share i Save @ Hide M Report

Afte "~ -

tom £ Mitch Raymundo @mitsraymundo - Apr 28
ey Do hard work in silence and let your new car make some noise

M

Meet my new baby, wiggy! @ ‘ Ben Alder @BenAlder - 16h

My original homemade Lego Winnie the Pooh figures next to the final Lego
WTP figures in the New Lego Ideas set. #legoideas #lego #disney
#winniethepooh #afol
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Content Analysis through Big Data Visualisation in Leximancer

wehsite =gl

quality
easy camfor‘t-able (Dp,nce positive brand:mention (porm) 2
@ Eoe Communlc‘_l.:?n Brand Mention "B
#light compact cost range .
" brands
High Involvement Products ¥ friends () _ negative brandmentian (nf.ﬁfﬁ ﬂappl:;etﬂ)
car online S ® L%m" Involvement Products (Hygiene)
camier  Prams(p) camera % i a8 . " prablem
OMLINE OPENFCOMMUNITY revigws A warth  negative ication (nc)
bassinet = @ Ownership : ¢ 3 \“1' w b
manitar | reaso £ S
s . I iftarers . Brand Sultabmé}( \
4 ageifa) o ONLINE BRABBDCOMMUNITY
F \ RN A desibn
difference i o .(_) P =
Recommendation Seeking ’ =g = - .
e e ) cﬁqpﬁ ) _Laln.valvement fli’]rrgﬁ:‘lgcts (Feeding)

Brand Issues _Supggwm battle

ﬁ 1;»- _issues (i) /
-

expenence “’k

Wilk, V., Harrigan, P., and Soutar, G., (2019), Navigating Online Brand Advocacy (OBA): An exploratory analysis, Journal of
Marketing Theory & Practice, 26 (1-2), pp. 99-116.
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Figure 1: Leximancer-produced Concept Map: Figure 2: Leximancer-produced Concept Map:
Characteristics of online brand discussions within Characteristics of online brand discussions within
the Online Brand Community (OBC). the Online Open Community (OOC).

Wilk, V., Soutar, G. and Harrigan, P., (2018), Unravelling online brand discussions: Comparison
and contrast of two online communities. The Proceedings of 3rd Business Doctoral and Emerging
Scholars Conference, pp. 37-44, Paper ID: 2018.1504.001

10

10



30/11/2021

=
c
a
]
=
>
=

Y

Edith Cowan University c U
School of Business and Law

-
7z
c
w
>
=2

Table IIL

3 e = :
Brand menting ] ) OBC i : 0oc 4 Top rankmg
LConcept = Loncept s Loncept Ps concepis and their

PrNTINETHE SOES

Treed 17 OBC brand nasme LT Love
[z 16 Read 17 Price
Lowe 14 Tred 1 Lookmg
Better 14 Problem 16 Bought
Buy 13 Be=t 14 Gireat

-

(PS) agamst thres
CAEFONes of mieresi
Brand mention (BC;

and DOC

el e
e L L) s

[

Brand mention OBC O0C
Compound conoept Ps Compoumd concept Ps Compoumd conoept Ps
Tried and brands 174 Rend and understand 20 Easy and fold (product n3
funchiomahiy) Table IV.

Pasitive brand 168 Trwed and brands 121 Price and range iis
mentiomn and negative
brand mention

Top rankmg
comEpound concepts
g ond their prominence

Better and cheasper 118 Best and brands B Looking and reviews 85 .
) e Mot . i ) . 5 ores (PS5 apainat
Positive brand 10 OBC brand neme and g1 == and pay B2 - - p
mention and reviews Lhree CAlERvmnes of
Problem and never 03 ¢ brand 79 Recommend and 76 grTEsr P_’r'—‘-_"—'
mention and negative coemspact (procsct menition; OBC; and
brand mention feature) OO

Wilk, V., Soutar, G. N., & Harrigan, P. (2019). Tackling social media data analysis: Comparing and contrasting QSR NVivo and Leximancer. Qualitative Market f : An i Journal. 22 (2), pp. 94-113.
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Example: Leximancer Theme Ranking

Table 3: Comparison of the characteristics of online brand discussions between the two online
community types (OBC and OOC).
Theme i !
; OBC Themes 00C Themes
Ranking
1 Brand Mention Brand Mention
2 Positive Communication ~ High Involvement Products
3 Non-Competing Brands Value-for-Money/Price
4 Offline References Brand Issue Support
5 Brand Issues Support Recommendations
Low Involvement g e
6 Brand Suitability
Products
7 Online Research Online Research
8 Price/ Value-for-Money Low Involvement Products
9 Recommendation Seeking | ,.a] Group
10 Feedback -
Wilk, V., Soutar, G. and Harrigan, P., (2018), Unravelling online brand discussions: Comparison and contrast of two online communities. The Proceedings of 3rd
Business Doctoral and Emerging Scholars Conference, pp. 37-44, Paper ID: 2018.1504.001
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2
Visible Concepts. 0% Theme Size: 38%

‘ ol: Cricket Australia (Crisis Week) % y Map Explorer: Cricket Australia (Crisis Week) *

OE GO 8 Q QL)W W o

Rotation: 0°

Project Control: Digital Entrepreneurship 4 *

Map Explorer: Digital Entrepreneurship 4 X

Synopsis  Concepts  Thesaurus  Query  Summaries  Log

Analyst Synopsis Detail Level ~ Spreadsheet (CSV) Export

Theme Hits

entrepreneur 27028 .
business 15384 ==

online 7099 | ]

women 5593 ]

skills 1336 l

video 972 I

work 838 ]

Theme: entrepreneur

Concepts: entrepreneur, entrepreneurship, innovation, tech, technology,
training, development, world, build

Hits: 27028

COMMENT_COUNT: 0

SENTIMENT. positive

FOLLOWERS: 0

FOLLOWING: 0

VIEW_COUNT. 0

COLUMN: content

understanding of the operational activities of the Navies of two countries
and to get acquainted with advanced technology through various
theoretical and practical training. 8) MSDE, IBM jointly launch SkillsBuild
platform The Ministry of Skill Development & Entrepreneurship (MSDE)
launched the SkillsBuild platform in

Opositive000content

13

13



Edith Cowan University
School of Business and Law

30/11/2021

=
c
a
]
=
>
=
Y

CU:

EDITH COWAN

4 ol Cricket Australia (Crisis Week) %

AEH GO ™ 4 Q Q[ W W oo

businessg
ko4

&®

Visible C

0%

Rotation: 0°

o Map Explorer: Cricket Australia (Crisis Week) *

Project Control: Digital Entrepreneurship 4 %

Synopsis Concepts

Ranked Concepts

Word-Like
entrepreneurship
entrepreneur
business
marketing
creating
public

book

startup

plan

writing

se0
socialmedia
digitalmarketing
africa

women
transformation
branding

ar

innovation
corruption
president
entrepreneurs
tech

startups
onling

content

o Map Explorer: Digital Entrepreneurship 4 2

Thesaurus

Query Summarnes Log

Export~

Count Relevance

26837 100%
26830 100%

9449
9045
5695
926
4830
4253
4186
3616
3197
3174
3041
2937
2867
2786
2709
2513
2425
231
231
1743
1730
1721
1672
1489

35%
34%
21%
18%
18%
16%
16%
13%
12%
12%
11%
1%
1%
10%
10%
09%
09%
08%
08%
08%
06%
06%
06%
06%

]
I
| I
| —
[__ Se—
| —
| I—
| S —
| I
| —
| I —
| I ———
|
| I—
| S
| —
|
| —
| —
| —
| —
| E—
I
| I ——
|
| I
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Leximancer: The use of tags to understand emergent themes

el
business
startups
writing
lan

cre
publi

(2021), The state of #digitalentrepreneurship: A big data
Leximancer analysis of social media activity. International
Entrepreneurship and Management Journal, 1, 1-18.

1,000 g)uﬁdg

ecosystem

‘Over 100 Comments
NEUTRAL SENTIMENT~QverA400 Views

@ 10,99 Comnients
Joutube 11599 \[/iIeWS video
| course

mone
coqgent syta o

),
branding, SEO online makin§e %ﬁst
soci ]
dlgltalmarke ife time
sinesses  top

marketmg ial tf
"‘rep’e" s l.m%net NEGATIVE SENTIMENT

strate:
1éadersh|p \ leework great

menagemen| ooo\qgggsgg, Followers

entre feneur training  need ram
edl?catlon < growth dgi?e[opmentp o

~“entrepreneurship re
‘ vation - suy oiod) héﬁlth
teehnologygyents 'Q"‘B §

9 Followefs opportunities youth
99,999 Followers

kills financial

industry \ ~ economy
promote
Over 1 millien Followers

summit Vomen

. o N
transformation g74hfrica

Wilk, V., Cripps, H., Capatina, A., Micu. A., and Micu, A. E.
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Leximancer: The use of tags to understand emergent themes

ReviewRating:1— eview Rating: 2

O Geliyery
Review Rating: 5 asked

order
never
order

quali  biryani

recommend " . sure  down taste izza
el
service f* e L3 masala meat

staurant b‘#f‘@a  tasty Chm%%%ﬁ‘i
sh dish r

5 m@ggg authentic ¥ i
ople amazing !
s b arg R Eimeal i oop ) fred
table family Tes12 y >, beef
dubai indian " hingd Mo r“taszedspigy
visit great dinnéle - dis = cshaleagsesauce
"liéh name ain hot bread
' cheese
: tea ter swget.
. variety try
_ view  love  menu cgke
view i m
: drimgsectded loved aﬁ
“@9 oy chocolate!
ted cogee read

Meek, S., Wilk, V., & Lambert, C. (2021). A big data
exploration of the informational and normative : K
influences on the helpfulness of online restaurant Review Rating:3 :
reviews. Journal of Business Research, 125, 354-367. wplus Likes

Review Rating: 4.
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Leximancer: The use of tags to understand emergent themes

service a

0 Likes money s@f

experience g
wor.trlpoommend restaurant ambiance

delivery don price f00d food family © visit

- cople music
negative sentim ity . - feel ~ place
negative sear\'lutar T e '“‘!P". frends place
order i <
a%d better

aste

biryani tasty
mutton

meat curnfish
chicken
ordered r*ce

chigken & ol ' coffe
cmkegw T 1 ¥ W
p‘%ﬂw fries burger

eese

h
u.mg sweet 3
cream
cheese P 1 plq:. Likes

read
read

day ~~ night ) cafe
~dishe pqsitiva-qant_iment‘

positive sentimentrinks
menu decided

Meek, S., Wilk, V., & Lambert, C. (2021). A big data
exploration of the informational and normative influences on
the helpfulness of online restaurant reviews. Journal of

Business Research, 125, 354-367.
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Leximancer-produced Insight Dashboard results

Comparison of top-ranking compound concepts between reviews with “no Likes” and
“Like(s)” and positively and negatively framed reviews.

Compound concept PS Compound concept

“no Likes” “no Likes” “Like(s)” L L
Order & delivery 11.1 Dubai & hotel 9.6
Order & asked 73 Restaurant & hotel 7.5
Order & take 6.9 Try & decided 6.7
Time & long 6.9 Menu & variety 53
Time & delivery 6.5 Dubai & best 4.9
Compound concept PS Compound concept ps
‘Positive Sentiment’ ‘Negative Sentiment’

‘best & (in) Dubai” 48.3 ‘bad & experience’ 307.3
‘amazing & view’ 375 ‘bad & service’ 2054
‘best & restaurant’ 29.0 ‘bad & delivery’ 204.6
‘delicious & soft’ 279 “tasted & bad’ 162.1

Meek, S., Wilk, V., & Lambert, C. (2021). A big data exploration of the informational and normative influences on the helpfulness of online
restaurant reviews. Journal of Business Research, 125, 354-367.
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Examples of content to supplement Leximancer-driven

findings

Review Content
#3446 Great place and good food quality but delivery time takes too long. (Received ‘0" “Likes™)
#8 Good south Indian food with reasonable prices. Good taste, good seating arrangement and

good service. I think no better keralian restaurant than this in terms of quality and prices.
(Received “0° “Likes™).

#10 ... thought to give this place a try and | must say | am not disappointed at all with the food and
service here, if vou are nearby, do try this place. Ambiance is more of mix of colors; they have
used green color with brown, which highlights the decor. They have private seating and
corporate seating as well, which | found very innovative. Service is prompt and staff is helpfil
and polite. Other thing impressed me here is the menu; menu is mix of many must have Indian
dishes, also some unique dishes. So in every dish it focuses on authenticity and very Indian
touch, so even if the innovation is done with names”.

(Received ‘32’ “Likes”).

# 58157 Having their Kifaya pastry was such a splendid experience. This soft and moist cake was light
green in colour and topped with fruits. Definitely recommended. (Received '17" “Likes”).

#20 Awesome Hyderabadi Dum Biriyani... Placed an order and delivered on the said 15 mins.

(Received “0” “Likes™).

# 8087 Went there with a group of fiiends for dinner on Thursday night. We took the set menu.
However, most of us were vegetarians and few Vegan as well. The interiors of this place are
very royal and so is the service...made us feel very special with their extremely warm service.
Chef Pradeep Khullar also catered to Vegan dishes even though it was not on the menu.... The
main course and the desserts made our complete meal. The entire experience was memorable.
A must visit place! (Received 13" “Likes”).

#12 Order came wrong, chicken is not that good when compared to other restaurants that offer the
same meals with same price, coleslaw is just beyond terrible and fries are somehow dry and not
good ... fast delivery and terrible experience. (Received 07 “Likes™)

#3588 Horrible experience! | should have taken the empty tables and chairs on a Thursday night as a
warning sign. They couldn 't even get the most basic of dishes right and 1 won 't be coming back
to see what their main dishes would be like .. When I wanted to ask for the bill, two of them
acknowledged me yet no one attended to me. Would not recommend and will definitely not be
coming back. (Received ‘27 “Likes™).

Meek, S., Wilk, V., & Lambert, C. (2021). A big data exploration of the informational and normative influences on the helpfulness of online

restaurant reviews. Journal of Business Research, 125, 354-367.
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Morgan, A., & Wilk, V. (2021) Social Media Users’ Crisis Response: A lexical

exploration of social media content in an international sport crisis, Public Relations
Review. (ahead-of-print).

January to 23 March 2018 Neutral Sentiment
Positive Sentiment  Test X
% N
April to June'2018 S
October to Dﬁember 2018
play /
<
togm game
down
players fans
cricket @l culffire
Australia Vs

e
Y8&r 54t 31 March 20180 ‘lcqmms

cricketer Sandpapergate dal take
punishment ball-t,\pe:ﬁg_ ? auspol
Balltamperingrow\ 4 Cricketeri /
David Warner Stpvé‘Smith cheating
months |4 \

n auspol
Cameron Bancroft  Cricket Aust
ce - /
media 4
given y
Negativ%timent
work
best
news

July to September 2018
need

20
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Morgan, A., & Wilk, V. (2021) Social Media Users’ Crisis Response: A lexical
exploration of social media content in an international sport crisis, Public Relation

Review. (ahead-of-print).

Table Al: Prominence Scores (PS) for Singular Concepts for each time period, by sentiment type.
Sentiment  Pre-Crisis: January-23  Crisis Week: 24-31 Post Crisis: July- Post Crisis: October-
(Concepts) March 2018 March 2018 Post Crisis: April 2018 Post Crisis: May 2018 Past Crisis: June 2018 September 2018 December 2018
Negative  "David Wamer" (33)  "cricketerisis” (1.3) “scandal” {1.7) "ban” {L.7) "Steve Smith" (2.8) "Temure" (2.1) "Sacked” (1) *damming” (2) "slammed” (2)
“Starc" (1.6} “balltamperingrow” (1.2)  "David Warner” (1.3} “balltampering” (2.5)  "James Sutherland” (1.3)  "Angela Williamson® (1) *Cricket Australia® (1.9)
“Cricket Australia” (1.5)  “savaus" (1.2) "Steve Smith” (1.2) "Cricket Australia” (1.4)  "Cricket Australia” (1) "CAComms” (1) “review” (1.7)
Positive  "Maxwell” (1.9) “players” (3.2) "million” (3.5) "Broadeast” (3.5)  "pink-ball" (4) "replacemement” (4) "Players” (16.1) "game” (2.1)
“bowler” (1.9) “improve" (2.6) "rights” (3) "team” (4) "months" (1.7) “Cricket” (9.5) “fime" (1.3)
“match” (1.9) “press” (2.9) "CAComms” (2.5) “Justin Langer” (1L§)  "notice” (1.6) nia “play” (1.2)
Neutral ~ "Cricket Australia” (15)  “coach(1.9) UK" (6.3) "Darren Lehmann® (2.5)  "deal® (2.5) "Players” (11} "year” (2.5)
“India" (1.5 “conference” (1.1) “team” (3.2) "news" (1.5) "ABC" (2.4) "Cricket" (8.7) “"Virat Kohli* (1.6)
FYS" (1.4) “Auspol® (1) "Cricket Australia” (1) "BCCT" (1.3) "sporish *(13) na *game" (1.5)
Table A2: Prominence Scores (PS) for Compound Concepts for each time period, by sentiment type.
Sentiment
(Compound Pre-Crisis: January-  Crisis Week: 24-31  Post Crisis: April Past Crisis: July- Post Crisis: Octaber-
Concepts) 23 March 2018 March 2018 2018 Post Crisis: May 2018 Post Crisis: June 2018 September 2018 December 2018
"Starc & ausveng” “cricketcrisis & "Steve Smith & Cricket _"tenure & James “Opinion & Making"
Negative (483) Auspol® (18.4) “scandal & ban” (15.5)  Australia” (11.3) Sutherland” (4.9) (34.9) "win & pressure” (54.2)
"David Wamer & “ban & David “Steve Smith & “tenure & Cricket “Angela Williamson & ~ "Cricket Australin &
India" (8.1) “given & face” (14.3)  Wamer" (11.5) balltampering” (8.5) Australia” (2.4) Dismissal” (33) cheating” (46.2)
“banned &
balltamperingrow”  "David Warner & “James Sutherland & "CAComms & Auspol”  "play & pressure”
“Starc & cricket" (3.1) 8.2) Steve Smith" (4.1) "BCCI & test" (4.8) Cricket Australia” (1.5) (32.9) (39.1)
“"Maxwell & Lynn" “press & conference”  "broadcast & million" “replacement & months”  "Players & Cricket
Positive (37.4) (129.6) (55.7) “coach & head” (30.7)  (41.1) Australia® (16.5) "time & play” (17)
“bawler & match" “players & improve”  "broadcast & rights” “replacement & notice” “Cricket & Cricket "report & Cricket
(28.1) (605) 472) “pink ball & test” (27.4)  (38.4) Australia” (9.7) Australia” (6.5)
“"Maxwell & match” "CAComms & deal®  "coach & Justin Langer”  “replacement & James
(18.7) “players & ban" (63} (16.1) (.1 Sutherland” (4.6) "play & players” (5.7)
"Cricket Australia & ~ "Pross & conference”  "team & Cricket "Darren Lehmann & "Players & Cricket" "Virat Kohli & year”
Neutral India" (5.8) (38) Australia” (3.9) news” (12.1) “deal & ABC" (18) (30.8) (33.6)
“Coach & players" ABC & “Cricket & Auspol” “culture & review"
“ericket & FYS® (3.9)  (22) na “news & T20" (6.7) sportsbusinessnews” (4.8)  (38.8) (6.6)
“test & imprave” “deal & Cricket Australia”  "Players & Cricket "players & culture”
na (14.5) na "BCCT & news” (3.7) (29) Australia® (12.1) (3.5)
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Morgan, A., & Wilk, V. (2021) Social Media Users’ Crisis Response: A lexical

exploration of social media content in an international sport crisis, Public Relations
Review. (ahead-of-print).

Table 2: Social Media Users’ Crisis Response Framework (SMUCR)

Stage Description
Framing and Identity * Giving crisis an identity (labelling it by a descriptive name)
Development = Activating the online “tribe™

= Villainising: naming and attacking suspected culprits

Sense Making *  [ndividual culprit blame (focus on specific individuals involved)
* Spreading “truth™ (brand protection)
* Broadening the discussion beyond the crisis
= Accepting the brand’s response

Accountability * Brand accountability

= Focus shifis to the changes occurring or being implemented by the brand

* (Criticism of any emergent instability with the brand
Vigilant Rebuilding = Acknowledging what has happened and accepting the fall out
* Cautiously moving forward and optimism for the future
* Brand in the spotlight and under on-going public scrutiny
*  Amplification of any future brand-related issues and crises
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Morgan, A. & Wilk, V. (2021), Sports organisations and reconciliation in

Australia, Sport in Society.
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Ong, F., Vorobjovas-Pinta, O., & Lewis,
C. (2020). LGBTIQ+ identities in tourism
and leisure research: a systematic
qualitative literature review. Journal of
Sustainable Tourism, 1-24.
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1: SE's business models and its impacts
2; Nature of SE

Cheng, M. (2016). Sharing economy: A review and
agenda for future research. International Journal of
3: SE’s sustainability development Hospitality Management, 57, 60-70.

Fig. 3. Conceptual map of SE literature in general.
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Tips for using Leximancer

@ welcome Project Control: Cricket Australia (5 tags) %

I3 Upload Project Settings | ¥ Download Project Settings

Cricket Australia (5 tags)

Build your model
Select Generate Generate Generate  HEN (3 Conc
b SoncentMap

Q Text Processing [_Tg‘ Concept @“ Compound

Settings Seeds Concepts
Concept Seeds ]s Thesaurus ala Caoncept Coding
Settings Settings Settings

4 Project Output
Settings

@ Project
Lo

g
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Text Processing Options

LT

X

Build your model Results

Text Processing Options x |
|
i

data

General Tags

poris

Sentences per block Folder

4 v File

@ Conca Prose Test Threshold Dialog 0
9 0 (default) v

Duplicate Text

Sensitivity

Off v

Identify Name-Like
Concepts

Break at paragraph a
Auto-paragraphing ).

Merge word variants O | Edit stoplist

OK Cancel
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Edit Stop Words

Edit Stop Words x

+ Add © Remove M2 Upload M Download | + Add Language
O Word Action = Language t
O no EVIDENCE en *
O not EVIDENCE en

G 0 nothing EVIDENCE en
0a REMOVE en

i O about REMOVE en
O above REMOVE en

] O according REMOVE en

| O across REMOVE en

E O actually REMOVE en

1 O add REMOVE en

H‘ O after REMOVE en

¢ O again REMOVE en

g O ago REMOVE en

2 O ah REMOVE en

A O al REMOVE en
o al REMOVE en
O almost REMOVE en
O along REMOVE en X

oK Cancel

29

29



30/11/2021

Edith Cowan University
School of Business and Law

=
c
a
]
=
>
=

Y

CU:

EDITH COWAN

Compound Concept Editor

& elc Compound Concept Editor
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Statistics Type:
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O Categories «
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Lecturer & Researcher in Digital Marketing
v.wilk@ecu.edu.au
+61 8 6304 2663

Please connect with me:

m drviolettawilk

g @uwilkvioletta
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